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Observation
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Derivation

Definition
The least squares problem associated to Ax = b is

ATAx = ATh
The Gramian! =
Solutions X are called least squares approximate solutions and satisfy

Ax = Pb
projection onto Col(A) =
The erroris E = ||b — Ax|?.
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The least squares line of best fit is f(t) = ap + a1 t where

ao a
m Xt 2 b;
Xt X tl-z 2 t;b;
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